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Linked data

×Vertical integration Different spatial levels

×Horizontal integration Different types of data
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Linked data Vertical integration

×Extension of BOT

×Neighborhoods can contain

other Neighborhoods

bot:Level

bot:Space

bot:Building

neo:Neighborhood

bot:Site

bot:containsZone

bot:containsZone

bot:containsZone

bot:containsZone

bot:containsZone

:NeighborhoodA :NeighborhoodB

bot:containsZone

:NeighborhoodC

bot:containsZone 8



Linked data Horizontal integration

×Reusing BOP to describe properties of neighborhoods

neo:Neighborhood

bop:hasProperty

bop:Property

bop:Execution

bop:Result

bop:Procedure

bop:hasExecution

bop:hasResult

bop:usesProcedure

“”xsd:string

“”xsd:string

“”xsd:string

neo:levelOfMeasurement

skos:definition

bop:hasValue

seas:hasTemporalContext

time:Interval
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Let’s 
use 
this!

14



1. Linked data
2. Neo Dash
3. Use cases

15



Energy Poverty Energy data Predictive Analytics
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× If you spend more than 10% of your 
annual income on energy

× If your income is within 130% of the 
poverty line, and your energy cost is 
above the median

× If your income is within 130% of the 
poverty line, and your energy cost is 
above the median and your dwelling 
has an energy label of D or worse. 
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× If your income is within 130% of the poverty line, and your energy cost is above the median21



× If your income is within 130% of the poverty line, and your energy cost is above the median and your dwelling has an 
energy label of D or worse. 
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Energy Poverty Energy data Predictive Analytics
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Missing Data

Of 136122 buildings in Eindhoven, 51099 (37,5%) have an unknown energy label

Using construction year, footprint, building value (WOZ), electricity and gas 
use, can we predict the unknown energy labels? 

No.
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Missing Data

LILEK: ‘Same as LIHE, except with dwelling energy label below C.’

Can we predict these two categories (above or below C)?  

Yes!
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Missing Data

<C >= C
<C 7373 677

>= C 626 3146

Predicted

A
ct

u
al

Accuracy 89%
Precision: 92%

Recall: 92%

Using Random Forest Classification
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Energy Poverty Energy data Predictive Analytics
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